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A study on learner motivation by visualizing LMS learning activity history using

open source BI tools

2 5

The “Roadmap for Utilizing Educational Data” published by the Digital Agency and
others in 2022 outlines an overall picture of measures for utilizing educational
data, and indicates that learners will be able to accumulate and utilize their
own data by utilizing their learning history.

As various types of LMS become widespread, LRS (Learning Record Store), which
accumulates LMS learning activity history data based on the international stand-—
ards xAPI and IMS Caliper, is also becoming popular.

In this study, we built a visualization system using all open source software
and conducted a study on learner motivation by visualizing LMS learning activity
history data.

We visualize the learning activity history of the LMS using an open source BI
tool and clarify what kind of changes are brought about in the motivation of
learners studying in the LMS by fostering a sense of social presence.

Formative evaluation showed that the program was active and useful in terms of a
sense of social presence.

In addition, several items (knowing the progress of others, feeling of belonging

to a group) showed high results, which are expected to have an effect on learner
motivation.
By visualizing the learning activities of the learner himself and the group of

people who are studying the same thing, it contributes to learner support

through motivation to learn.
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